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We assume a linear Gaussian observation model for relevance feedback,
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where the accuracy may be different for each observation. This gives us the
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Conclusion

following model (ARD model): .y + + ARD model
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i o~ Wormal (ft,, Ay ). Left graph * Improves the ability of the users to notice and correct mistakes in their feedback
. - -  Shows some indication of improving the quality of the results, at least subjectivel
gL ~ Inverse(amma (v, B2 ), User did not make corrections to past feedback eval\lljvated by ’:heluselrs Improving the quaiily uits, ubjectively

. Center graph
! I g |j I!J.. ] . . . L [ [] .
w; ~ Gammalo,, ., 5, ). u 2~ Delta (1.0). + Search engine made suggestions on what feedback to correct Allows the users to more easily direct their search through new feedback options

* User corrected feedback values is case of true positive suggestions
where the distribution of w depends on whether the user has marked that « User marked feedback accurate in case of false positive suggestions

feedback as accurate. We approximate the posterior distribution of the model
parameters using mean-field variational inference.

Future research
* Better ways to infer what user feedback is still useful in modeling the current interest?

Right graph
* Better ways to ask the user for clarification if conflicting feedback is found?

* As above, but user did not mark feedback accurate in case of false positives
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